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This article aims to assess the influence of factors on youth unemployment in the European Union. The 
study evaluates several significant factors: GDP growth, education of young people, migration of young 
people, and average wages. Using multiple regression analysis, the study aims to investigate the relation-
ship between these factors and youth unemployment. The results show that none of the chosen factors 
have a statistically significant impact on youth unemployment. This may be due to the fact that the cho-
sen factors can have a lagged effect, which was not tested in this study. Additionally, the results revealed 
that, when solving the problem of autocorrelation, an included lagged youth unemployment variable has 
a statistically significant effect on youth unemployment.
Keywords: average wage, European Union, GDP growth, labour market, youth education, youth migration, 
youth unemployment. 

Šio straipsnio tikslas – įvertinti veiksnių įtaką jaunimo nedarbui Europos Sąjungoje. Tyrime vertinami keli 
veiksniai: BVP augimas, jaunimo išsilavinimas, jaunimo migracija ir vidutinis darbo užmokestis. Naudojant 
daugialypę regresinę analizę, siekiama ištirti šių veiksnių ir jaunimo nedarbo ryšį. Rezultatai rodo, kad nė 
vienas iš pasirinktų veiksnių neturi statistiškai reikšmingo poveikio jaunimo nedarbui. Tai gali būti dėl to, 
kad pasirinktų veiksnių poveikis gali vėluoti, todėl šiame tyrime nebuvo analizuojamas. Be to, rezultatai 
parodė, kad sprendžiant autokoreliacijos problemą įtrauktas vėluojantis jaunimo nedarbo kintamasis turi 
statistiškai reikšmingą poveikį jaunimo nedarbui. 

Raktiniai žodžiai: vidutinis darbo užmokestis, Europos Sąjunga, BVP augimas, darbo rinka, jaunimo 
išsilavinimas, jaunimo migracija, jaunimo nedarbas.
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Introduction

Despite their development, youth unem-
ployment is an important political issue 
for most countries. The topic of youth 

unemployment has been and is relevant 
for many years. However, this problem 
is constantly worsening with each sub-
sequent year. For example, all popula-
tion groups faced the issues of the labor  
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market during the COVID-19 crisis. 
Young people especially feel this, as they 
are deprived of their jobs as a priority 
and enterprises are closed. To this day, 
the situation with the unemployment 
of young people remains difficult, from 
finding a job after receiving an education 
to holding a job without losing it.

In 2015, the International Labour 
Organisation (ILO) estimated that 600 
million jobs must be generated globally 
over the next ten years to accommodate 
the 200 million people who are currently 
unemployed and the 40 million people 
who enter the labour market each year. 
Youths now face worse economic cir-
cumstances than before. While nearly 
309 million young people are employed, 
millions of them must work part-time 
or temporary jobs to make ends meet, 
as their households earn less than $2 per 
day. These positions prevent them from 
advancing in their careers. Young people 
must battle difficult working conditions 
when they first enter the workforce. Yet, 
they may significantly boost local and 
global economies (ILO, 2015). 

The scientific literature identifies the 
factors affecting youth unemployment. 
The study by E. Sever and A. İğdeli (2018) 
shows that economic crises reduce youth 
employment, while an increase in per 
capita income reduces youth unemploy-
ment in the long term. However, adult 
labour force unemployment, the level of 
openness, and foreign direct investment 
negatively impact youth employment in 
the long term. G. Uslu and H. Tatlı (2024) 
found that young people who have com-
pleted secondary school, university, or 
postgraduate studies are less likely to 
be unemployed than those with only a 
basic education. The study also found 

that a young person’s family’s per capita 
income positively affects the probability 
of unemployment. Additionally, literacy 
is one of the factors affecting youth un-
employment (Koteli, 2024). It is worth 
noting, however, that there are very few 
studies on factors affecting youth un-
employment. Thus, this paper addresses 
the problem: what effect do certain 
factors have on youth unemployment?  
The object of this paper is the effect of 
certain factors on youth unemployment. 
The aim of this research is to assess the 
effect of certain factors on youth unem-
ployment. To reach this aim, the follo
wing objectives were set: (i) review lite
rature on unemployment; (ii) develop a 
methodology to assess the effect of cer-
tain factors on youth unemployment; and 
(iii) assess the effect of certain factors on 
youth unemployment in the European 
Union (EU) using the developed metho
dology. To achieve the aim and objec-
tives, this study employs the following 
research methods: synthesis, generali-
sation, and ordinary least squares. The 
article is structured as follows: First, a 
literature review is presented, based on 
which the factors for empirical research 
are chosen. Second, the research metho
dology is provided. Finally, the results of 
the research are presented, and the con-
clusions are drawn. 

Literature review

It is a well-known fact that the labour 
force includes people who are either 
employed (working for profit) or un-
employed but actively seeking work 
(WorldBank, n.d.a). Youth is defined as 
individuals between 15 and 24 years of 
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age (UN, n.d.). This study focuses on 
this age group. Unemployed youth have 
fewer opportunities to participate effec-
tively in national development and exer-
cise their civil rights. They spend less on 
consumption, save less, and often lack the 
“voice” to change their lives and society. 
In some cases, this can lead to social ten-
sion and the rejection of the existing so-
cioeconomic system among young peo-
ple. Widespread unemployment among 
young people prevents companies and 
countries from innovating and gaining 
a competitive advantage through invest-
ment in human capital, which can un-
dermine their future prospects.

One reason for the high unemploy-
ment rate is the biased attitude in the 
labour market. For instance, employ-
ers often tend to lay off young workers 
first because it is generally believed to be 
cheaper for an enterprise to turn away 
young workers than older employees. In 
addition, employment protection legisla-
tion typically contains a requirement for 
a minimum length of service for employ-
ees to qualify for protection, and sever-
ance pay generally increases with length 
of service. Young workers have less ex-
perience than adults and are therefore 
easier and cheaper to fire (ILO, 2022). A 
second reason may be an underdevel-
oped labour market. Most jobs have been 
held by the same workers for many years, 
and only a small proportion of workers 
leave their jobs for comparable ones with 
better pay. Studies conducted in several 
countries have revealed significant dif-
ferences in pay offered by different firms 
in the same local labour market for the 
same work. This slow labour market re-
sponse is particularly noticeable among 
the more skilled labour force and among 

those employed by firms with strong 
product market positions. In many cases, 
competition occurs primarily through 
the product market rather than the la-
bour market, and employee remunera-
tion is determined more by the employee 
than by the employer (Brown, n.d.).

The literature review identified the 
following factors that influence unem-
ployment among the young population: 
gross domestic product (GDP) growth, 
migration, education, and wages. Okun’s 
law is a key area of research examining 
the relationship between GDP growth 
and youth unemployment. Numerous 
studies have demonstrated that age af-
fects Okun’s coefficients. There is sub-
stantial evidence that the youth un-
employment rate responds far more 
strongly to economic changes than 
older age groups do. According to the 
foundational Okun estimation in 1962, 
the unemployment rate decreases by 
0.3 percentage points for every addition-
al 1% increase in gross national product 
(GNP). This is known as Okun’s coef-
ficient, or the sensitivity of the unem-
ployment rate to GDP growth (Butkus & 
Seputiene, 2019). While G. Marconi et al. 
(2016) confirmed Okun’s law, their study 
found no evidence that young people 
are more vulnerable to business cycle 
fluctuations than older people. Their 
study proved that young people have less 
work experience compared to the older 
population but did not directly prove 
the dependence of unemployment on 
GDP growth (Butkus & Seputiene, 2019). 
D. Tumanoska (2020) found that a 1% in-
crease in economic growth would reduce 
the youth unemployment rate by 2.5% in 
European Union countries and by 0.4% 
in Southeastern European countries. 
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Y. V. Fung and J. L. H. Nga (2024) studied 
Malaysia and found a positive relation-
ship between youth unemployment and 
economic growth, though it was not sta-
tistically significant.

As A. Portes (1997) stated, Glick-
Shiller believed that young migrants 
have economic resources and contacts 
or a plan of action for employment. The 
scientist’s study focused on the Latin 
American population. Since these peo-
ple were officially documented as being 
employed, it can be concluded that this 
movement has been present in the world 
since the 20th century. Additionally, 
as described by R.  Baer et al. (2022), 
Bernandi and Gonzalez’s research within 
the framework of this study confirmed 
that people from poor countries are 
forced to migrate in search of a better 
life due to their life circumstances in the 
21st century. Furthermore, R. Cefalo and 
R. Scandurra (2021) highlighted the cor-
relation between the migration of young 
people and youth unemployment, par-
ticularly in Europe, in their study. They 
demonstrated that regions with higher 
migration rates offer greater stability and 
opportunities for young people, where-
as regions with low migration rates 
struggle with youth unemployment.  
K.  Hermannsson, R.  Scandurra, and 
M.  Graziano (2021) also addressed the 
issue of the impact of young people’s mi-
gration on youth unemployment. They 
argued that regions that attract young 
migrants have higher youth unemploy-
ment rates, as there is a correlation be-
tween population size and employment 
opportunities in the market. Thus, all of 
these researchers concluded that young 
people leave for other countries in search 
of a higher standard of living.

Research has also been conducted on 
the effect of education on youth unem-
ployment. As described by N. Mehmetai 
and N. Xhindi (2022), Moreau and 
Leathwood noticed a relationship be-
tween education and unemployment 
among young people. They concluded 
that as the number of graduate students 
increased, so did the number of unem-
ployed youths in most European coun-
tries. However, I.  Nunez and I.  Livanos 
(2010) refuted the earlier study. Four years 
later, they confirmed the impact of higher 
education on unemployment in Europe in 
the short and long term. They concluded 
that higher education reduces unemploy-
ment and increases employment oppor-
tunities for young graduates in Europe.  
D.  M.  Bojadjieva et al. (2022) examined 
how education levels impact youth un-
employment in Europe. They argue that 
young people with a completed second-
ary education and above have better 
employment opportunities than those 
with an incomplete secondary education  
(Bojadjieva et al., 2022). Another re-
searcher, Y.  D.  Kang (2021), examined 
the impact of education on youth unem-
ployment. He found that countries with 
higher levels of dual education tend to 
have lower youth unemployment rates 
in Europe. Despite the strong focus on 
education, as measured by the number of 
graduates or the level of educational at-
tainment, the impact of the literacy rate 
on youth unemployment is evident as 
well. N. Hoosen, the CEO of the Federated 
Employers Mutual Assurance, mentioned 
that poor literacy is driving youth unem-
ployment. He stated that the creation of 
artificial intelligence will reduce entry-
level positions, so youth unemployment 
is expected to rise (Koteli, 2024). 
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In 1970, researcher Kaitz proved that 
higher wages lead to higher youth un-
employment rates. He argued that when 
the minimum wage increases, workers’ 
income rises and companies reduce their 
use of labour in favour of using more ma-
chines (substitution effect) (Gavett, 1970). 
In 1974, Welch presented another theory. 
The scientist concluded that as the mini-
mum wage increases, employment de-
creases, and the unemployment rate rises. 
T. Sitompul (2022) stated that, according 
to Welch, raising wages will eventually 
lead to fewer workers due to increased 
business productivity. M.  Dayioglu, 
M.  Küçükbayrak, and S.  Tumen (2022) 
argued that the minimum wage directly 
affects unemployment among young peo-
ple. They claimed that an increase in the 
minimum wage will lead to a decrease in 
employment among young people be-
cause employers will be less inclined to 
hire young professionals at high wages. 
Conversely, E. van Bezooijen, W. van den 
Berge, and A.  Salomons (2024) claimed 
that raising the minimum wage does 
not reduce employment among young 
people. They concluded that raising the 
minimum wage increases unemploy-
ment among young people in the short 
term but only increases youth employ-
ment in the long term by adjusting to the 
new wage structure (van Bezooijen et al., 
2024). 

Thus, the literature review highligh
ted two main reasons for the unemploy-
ment of young people. One reason is 
the unchanging environment, which is 
mostly occupied by experienced employ-
ees. Additionally, unlike older employees, 
employers tend to dismiss younger, less 
educated ones first. A review of literature 
identified several variables that affect 

unemployment: GDP growth, migration, 
education, and wages. 

Research methodology

This section presents a research meth-
odology based on European Union data. 
Time series data was collected from 
1995 to 2020, as no data is available on 
young people migrating to the EU after 
2020. The data is updated approximately 
every 4-5 years, so data for 2021–2024 is 
unavailable. A time series is a set of ob-
servations on the values that a variable 
takes at different times. Such data can 
be collected at regular time intervals. In 
this case, the data is collected annually. 
The following variables are used for the 
analysis: Dependent variable: youth un-
employment (unempl; Q); Independent 
variables: GDP growth (gdp; G), educa-
tion among young people (educ; E), mi-
gration of young people (migr; M), and 
average wage (wage; W). In this study, 
education is measured by the literacy rate 
of 15-to-24-year-olds. According to the 
WorldBank (n.d.b), this rate reflects the 
latest educational progress and is inten
ded to assess educational attainment. It is 
also worth noting that the average wage 
was chosen for the analysis of young 
people’s wages, even though researchers 
in the analysed literature mainly focused 
on the minimum wage. This decision is 
based on the fact that studies on unem-
ployment (not youth unemployment), 
such as those by A.  Aleksandravičienė 
et  al. (2023) and A.  Damulienė (2012), 
include the average wage. Therefore, it is 
interesting to see the results of an analy-
sis of youth unemployment, as it is logi-
cal that this should also have an effect. 
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This is primarily because young people 
often base their wage expectations on 
the average wages in the economy. If the 
average wage is high, young people may 
refuse low-paying jobs or seek better op-
portunities. The discrepancy between ex-
pected wages and employers’ willingness 
to pay can lead to higher youth unem-
ployment. Additionally, as average wages 
rise, so do employers’ total labour costs. 
Employers may prefer to hire skilled or 
experienced workers to get better value 
for money, even if it means hiring fewer 
people. Young people, who are usually 
less productive and/or less experienced, 
can be replaced by more productive 
labour.

The variables of the study and their 
measurements are presented in Table 1. 
A multiple regression model is run based 
on the selected variables, and the as-
sumptions of a linear regression model 
are tested.

A typical method for estimating the 
coefficients of linear regression equa-
tions, which explain the relationship 
between one or more independent 
quantitative variables and a dependent 
variable, is called ordinary least squares 
(OLS) regression. OLS minimises the 
sum of squared residuals and aims to 

determine the coefficients of the regres-
sion model (Majka, 2024). This method 
has been used in previous research on 
youth unemployment, including stu
dies by G. Uslu and H. Tatli (2024) and 
D.  M.  Bojadjieva et al. (2022). It is also 
used in this study. When running a re-
gression model, it is important to check 
outliers. Outliers are unusual observa-
tions that significantly differ from the 
rest of the data. In regression analysis, an 
outlier is an observation with a residual 
larger than the residuals of the other ob-
servations. The standardized residuals 
method is used to identify outliers, with 
a critical value of |3|. It is also necessary 
to check the normality of the residuals. 
The method used to check for normality 
is the P-P plot.

The other test is for multicollinearity, 
which occurs when two independent 
variables are highly correlated. This cre-
ates redundant information and distorts 
the results of a regression model. This 
issue must be addressed. Bivariate corre-
lation is used to detect multicollinearity. 
If the coefficient of bivariate correlation, 
|rij|, is higher than 0.8, then the regression 
model exhibits multicollinearity between 
the Xi and Xj variables. If multicollinea
rity is present in the model, the solution is 

Table 1. Variables and their measurements

Variable Measurement Data source

Youth unemployment Million people ILO (2023a)

GDP growth % WorldBank (2021)

Education among young people Literacy rate (%) Euro WHO (2023)

Migration of young people Share of international migrants 
between 15 and 24 years (%) Migration data portal (2021)

Average wage US$ per hour Eurostat, (2022); ILO (2023b)
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to divide the independent variables into 
different models.

One more regression assumption 
that must be checked is autocorrelation. 
Autocorrelation refers to the connec-
tion between each value of an error in 
an equation. Specifically, it refers to the 
degree of correlation between values of 
the same variable across different obser-
vations in the data. This concept is most 
often discussed in the context of time 
series data, where observations occur at 
different points in time. The most com-
monly used test for detecting serial auto-
correlation is the Durbin-Watson (DW) 
d statistic. The d value always lies be-
tween 0 and 4. The closer the d value is to 
zero, the greater the evidence of positive 
autocorrelation. Conversely, the closer 
the d value is to 4, the greater the evi-
dence of negative autocorrelation. Based 
on the sample size and the number of in-
dependent variables, the Durbin-Watson 
test establishes two critical values of the 
d statistic: dL and dU, called the lower and 
upper limits, respectively. If the computed 
d value lies below the lower limit, above 
the upper limit, or between the two limits, 
a decision about the presence of autocor-
relation can be made. If there is autocor-
relation in the model, the solution is to 
include a lagged dependent variable in 
the model as an independent variable and 
use the Durbin h statistic to check for the 
second-order autocorrelation. 

The probability of obtaining an out-
come that is comparable to or more ex-
treme than what was observed under the 
null hypothesis is known as the p-value. 
If the p-value is higher than 0.05, then 
the null hypothesis () is accepted. To test 
the statistical significance of the model, a 
Fisher’s test (F-test) is performed. If the 

p-value for a parameter is less than 0.05, 
it is considered statistically significant 
and can be interpreted. To test the signi
ficance of a parameter, a Student’s t-test 
is used. One more measure is the coef-
ficient of determination (R²). It measures 
how well a regression model predicts an 
outcome. In other words, it evaluates the 
model’s fit. The better the model predicts, 
the closer its R² will be to 1. The multiple 
regression model was run:

ln_unemplt = b0 + b1gdpt + b2ln_educt +  
b3ln_migrt + b4ln_waget + ut,               (1)

where: unempl – youth unemployment, 
gdp – GDP growth, educ – education 
among young people, migr – migration of 
young people, wage – average wage; t in-
dicates time series data, while ln shows 
natural logarithm (note: gdp is not trans-
formed since it has negative values).

The following hypotheses were for-
mulated regarding the influence of the an-
alysed factors on youth unemployment:

Hypothesis 1: The higher the GDP 
growth, the lower the number of unem-
ployed youths.

Hypothesis  2: The higher the youth 
migration, the higher the youth 
unemployment. 

Hypothesis 3: The higher the education 
of young people, the less unemployed 
youth.

Hypothesis 4: The higher the average 
wage, the higher the youth unemployment.

All hypotheses are based on the re-
search results provided in the literature 
review section.

In summary, this methodology allows 
us to build a multifaceted model to inves-
tigate the influence of certain factors on 
the unemployment of young people. The 
dependent variable is the unemployment 
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of young people, and the indepen
dent variables are: GDP growth, educa-
tion among young people, migration of 
young people, and average wages in the 
European Union. The coefficients of the 
linear regression equation are estimated 
using the ordinary least squares method. 

Results of the research

The descriptive statistics of the research 
variables are provided in Table 2. As 
shown in the table, the average value of 
the main variable, youth unemployment, 
is 5.7%, indicating the average level within 
the sample. The standard deviation of 
4.8% indicates high variability around 
the mean. The minimum and maximum 
values are 2.7% and 19.9%, respectively, 
showing the range of the observed values. 

The regression analysis began with 
an outlier detection. None were found. 
For multiple linear regression models, 
only normally distributed data can be 
used. In this case, the P-P test revealed 
that they are normally distributed. The 
next step is to check for multicollinearity 
using bivariate correlation. The value is 
higher than |0.8| between two pairs of 
independent variables: education and 

average wages (0.835) and migration 
and education (-0.918). This indicates 
that they are highly correlated. Based on 
these results, the solution to the problem 
of multicollinearity is to separate the 
highly correlated variables into different 
models (see Formulas 2 and 3): 

ln_unemplt = b0 + b1gdpt + b2ln_educt + 
ut, and                                                  (2)

ln_unemplt = b0 + b1gdpt + b2ln_migrt + 
b3ln_waget + ut.                                   (3)

The next step is to check for auto-
correlation. Based on the results of the 
Durbin-Watson (DW) d test in the first 
model (see Formula 2), d = 0.596, dL = 
1.224, and dU = 1.553. Since d<dL, there 
is likely evidence of positive autocorre-
lation, meaning the errors of the model 
are correlated. Therefore, a lagged de-
pendent variable was included in a re-
gression model (autoregression), and the 
Durbin h statistic was calculated. The 
result showed that the problem of auto-
correlation was resolved. Based on the 
results of the first model, this model can 
be interpreted. It is statistically signifi-
cant (p < 0.001), but the significance of 
the individual parameters differs: GDP 
growth and education are statistically 

Table 2. Descriptive statistics of the variables

Variable Minimum value Maximum value Mean St. deviation

Youth unemployment 2.7 19.9 5.781 4.834

GDP growth -5.7 3.9 1.500 2.188

Education among young people 97.4 98.9 98.173 0.480

Migration of young people 8.9 12.8 11.181 1.336

Average wage 2.9 32.4 18.046 9.247
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interpreted as a whole, but the lagged de-
pendent variable can only be interpreted 
separately.

In summary, none of the factors had 
a statistically significant impact on youth 
unemployment in the European Union. 
After testing the models, it can be con-
cluded that none of the hypotheses were 
confirmed. This is because all selected 
variables for the study were not statisti-
cally significant in the regression model. 

Conclusions 

Unemployment among young people 
is a global problem. Based on a review 
of the literature, several reasons for this 
phenomenon can be deduced. First, 
there is a biased attitude in the labour 
market. Employers prefer to hire people 
with work experience, but young people 
who have just completed higher educa-
tion often lack this experience. Second, 

insignificant (p = 0.473 and p = 0.131, re-
spectively), while lagged youth unemploy-
ment is statistically significant (p < 0.001) 
(see Table 3). Therefore, the overall model 
can be interpreted as a whole and only the 
lagged dependent variable separately. The 
results of the autocorrelation test for the 
second model (see Formula 3) are as fol-
lows: d = 1.072, dL = 1.143, and dU = 1.652. 
Since d < dL, there is probably evidence of 
positive autocorrelation, meaning the er-
rors of the model are correlated. Therefore, 
a lagged dependent variable was included 
in the next step to eliminate autocorrela-
tion. The Durbin h statistic showed that 
there is no autocorrelation. Based on 
the above analysis, it can be concluded 
that this model is statistically significant 
(p < 0.001). However, the significance of 
the individual parameters differs. All of 
the parameters are statistically insignifi-
cant, but the lagged dependent variable 
is statistically significant (p = 0.002) (see 
Table 3). Thus, the overall model can be 

Table 3. Results of the regression models

Variable Coefficient t-statistic p-value (p)

Model 1: 

Constant 114.505 1.578 0.130

GDP growth -0.019 -0.731 0.473

Education among young people -24.836 -1.573 0.131

Youth unemployment (lagged) 0.608 4.172 <0.001

Model 2: 

Constant -1.580 -0.853 0.404

GDP growth -0.026 -0.922 0.368

Migration of young people 0.740 1.176 0.253

Average wage 0.066 0.379 0.709

Youth unemployment (lagged) 0.740 3.486 0.002
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the labour market is underdeveloped. 
Most worker positions have been filled 
by the same workers for many years, and 
only a small proportion of workers leave 
their jobs for comparable jobs with bet-
ter pay. Consequently, young people face 
extreme difficulty finding employment 
under these conditions, and legislation 
often fails to address this adequately 
(IMF, 2014). Previous studies have iden-
tified several factors affecting the level 
of youth unemployment, including GDP 
growth, migration of young people, edu-
cation, and wages.

For this study, a methodology was 
developed for analysis and model vali-
dation. A multiple regression model was 
built to analyse the effect of certain fac-
tors on youth unemployment. The stand-
ardised residuals method was chosen to 
detect outliers, the P-P test to analyze 
normality, the bivariate correlation test 
to analyse multicollinearity, and the 
Durbin-Watson (DW) d statistic to ana-
lyze autocorrelation. The results of the 

model show that none of the four hy-
potheses were confirmed, as none of the 
chosen factors were statistically signifi-
cant. Although the hypotheses were not 
confirmed, the results of this research 
are consistent with those of other stud-
ies regarding two hypotheses. M. Butkus 
and J. Seputiene (2019) found no direct 
impact of GDP growth on youth unem-
ployment. A.  Aleksandravičienė et al. 
(2023) also found no statistically signifi-
cant effect of the average wage on un-
employment. It is worth mentioning that 
the included lagged youth unemploy-
ment variable have a statistically sig-
nificant effect on youth unemployment. 
This is due to strong inertia, meaning 
that this year’s youth unemployment is 
heavily affected by last year’s youth un-
employment. Thus, much of the varia-
tion in current youth unemployment is 
explained by its past values. Future re-
search could include more variables, an-
alyse different periods, use other econo-
metric method(s), etc.
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JAUNIMO NEDARBĄ VEIKIANTYS VEIKSNIAI: EMPIRINIS EUROPOS SĄJUNGOS 
ŠALIŲ VERTINIMAS 

S a n t r a u k a

Jaunimo nedarbas yra pasaulinė problema, siejama 
su nesąžininga darbo rinka ir jos negebėjimu gana 
greitai plėstis. Jauni žmonės dažnai neturi reikia-
mų darbo įgūdžių, todėl jiems sunku įsidarbinti. 
Nedirbantys jauni asmenys turi mažiau galimybių 
veiksmingai dalyvauti nacionaliniame vystymesi ir 
pasinaudoti savo pilietinėmis teisėmis. Jie mažiau 
išleidžia vartojimui, mažiau taupo ir dažnai neturi 
„balso“, kad pakeistų savo gyvenimą ir visuomenę. 
Kai kuriais atvejais tai sukelia socialinę įtampą bei 
esamos socialinės ir ekonominės sistemos atmeti-
mą tarp jaunų žmonių. Jaunimo nedarbas trukdo 
įmonėms ir šalims diegti inovacijas ir įgyti konku-
rencinį pranašumą investuojant į žmogiškąjį kapi-
talą, o tai gali pakenkti jų ateities perspektyvoms. 
Paminėtina, kad bendrąja prasme jaunimas apibrė-
žiamas kaip 15–24 metų amžiaus asmenys, todėl šio 
straipsnio tyrime laikomasi šios nuostatos.

Remiantis empirinių tyrimų analize, aukštą 
jaunimo nedarbo lygį galima paaiškinti tuo, kad 
jauni asmenys dažniau atleidžiami iš įmonių nei la-
biau patyrę darbuotojai. Be to, silpnos darbo rinkos 

dažnai lėtai reaguoja į konkurenciją, atlyginimą 
dažniau diktuoja darbuotojas, o ne darbdavys. Li-
teratūros apžvalga leido identifikuoti pagrindinius 
veiksnius, darančius įtaką jaunimo nedarbui: BVP 
augimas, jaunimo migracija, jaunimo išsilavinimo 
lygis ir vidutinis darbo užmokestis. Analizuotuo-
se tyrimuose teigiama, kad, skirtingai nei vyresnio 
amžiaus žmonių, jaunimo nedarbas yra jautrus 
BVP pokyčiams. Tyrimais nustatyta, kad, ekonomi-
kos augimui padidėjus 1 %, jaunimo nedarbo lygis 
sumažėtų 2,5 % Europos Sąjungos šalyse ir 0,4 % 
Pietryčių Europos šalyse. Taip pat yra tyrimų, ku-
riais nenustatyta statistiškai reikšmingo ryšio tarp 
jaunimo nedarbo ir ekonomikos augimo. Migra-
cija  – dar vienas veiksnys, darantis įtaką jaunimo 
nedarbui. Daugelis jaunų žmonių migruoja, kuomet 
susiduria su didele konkurencija. Išsilavinimo lygis 
taip pat daro didelę įtaką užimtumui; tyrimai paro-
dė, kad kuo aukštesnis išsilavinimas, tuo mažesnis 
jaunimo nedarbo lygis. Kalbant apie vidutinį darbo 
užmokestį, jo daromas poveikis jaunimo nedarbui 
yra teigiamas (mažina jaunimo nedarbą). 
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Šio straipsnio tyrimo tikslas – įvertinti tam 
tikrų veiksnių įtaką jaunimo nedarbui Europos 
Sąjungoje. Tyrime vertinami keli veiksniai, tokie 
kaip BVP augimas, jaunimo išsilavinimas, jaunimo 
migracija ir vidutinis darbo užmokestis, kurie, kaip 
parodė literatūros analizė, veikia jaunimo nedarbą. 
Straipsnyje vertinama minėtų veiksnių įtaka jauni-
mo nedarbui Europos Sąjungos šalyse. Remiantis 
1995–2020 m. duomenimis, sudarytas daugialypės 
regresijos modelis, kuris įvertintas naudojant įpras-
tą mažiausių kvadratų (OLS) metodą. Siekiant gauti 
regresijos modelio parametrų įverčius, atsižvelgta į 
išskirtis, paklaidų normalumą, multikolinearumą ir 
autokoreliaciją. Tyrime iškeltos šios hipotezės: (1) 
H1: Kuo didesnis BVP augimas, tuo mažesnis jaunų 
nedarbingų asmenų skaičius; (2) H2: Kuo didesnė 
jaunimo migracija, tuo didesnis jaunimo nedarbas; 

(3) H3: Kuo aukštesnis jaunų asmenų išsilavinimas, 
tuo mažiau bedarbių jaunų žmonių; (4) H4: Kuo 
didesnis vidutinis darbo užmokestis, tuo didesnis 
jaunimo nedarbas. Visos hipotezės pagrįstos anks-
tesnių empirinių tyrimų rezultatais.

Atlikto tyrimo išvados rodo, kad visi pasirink-
ti veiksniai neturi statistiškai reikšmingo poveikio 
jaunimo nedarbui (visos hipotezės nepatvirtintos). 
Tačiau paminėtina, kad, sprendžiant autokoreliaci-
jos problemą, į modelį įtrauktas vėluojantis jauni-
mo nedarbo veiksnys yra statistiškai reikšmingas. 
Jaunimo nedarbas pasižymi didele inercija, reiš-
kiančia, kad šių metų jaunimo nedarbui didelę įtaką 
daro praėjusių metų jaunimo nedarbas. Taigi, didelę 
dalį dabartinio jaunimo nedarbo kitimo paaiškina 
jo praeities reikšmės.




